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Disclaimer

The results of correlation analysis should not be
Synchronous
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for hypothesis testing and to construct more complex,

realistic models of cancer mortality risk, but this
Computing and visualization alone should not be interpreted as a valid
Visualizing the tool for prediction of cancer outcomes.
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tools and information visualization such as
cartographic maps, tables, histograms, scatter plots,
and charts [3]. The results of EDA can guide users to
suggest explanations, create formal hypothesis and
theoretical constructs, and present data in a form
that is easily understandable [4].
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» Yellow bars represent the ones that you selected.

» The grey bars represent that the correlation result might not be reliable because
the sample size is too small (less than 6).

o The number in the parenthesis represents the sample size
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two variables Is

and often fatal disease, data are often aggregated in ' EM ”CSWH””'
the same geographical unit or suppressed due to :Eximafa — CSW,.,E;Q,ME;|

privacy issues. To make a good model for prediction
of the geographical distribution of cancer outcomes,
the locations of individual cancer patients without
aggregation often are needed. Even if a model can
be developed based on the aggregated data, the
model may fail to predict the distribution of cancer
outcomes at the desired spatial resolution. In this
particular situation, exploratory data analysis can be

used instead of constructing a prediction model [5].
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The graph on the left bottom of the image shows the correlation (Pearson’s r) between mortality
rate of each different cancer and Hispanic population. The graph on the right bottom of the image
shows the correlation between liver cancer mortality and each 96 socioeconomic and demographic
factor. Some examples of findings from these graphs are:

Liver caner mortality has a positive relationship with Hispanic population ( R% = 0.6 )

Population below poverty has a positive relationship with liver cancer (R* = 0.7 ) FOR MORE INFORMATION:

Visit the Website of Web- Health Data Mapping Tool
*The findings in the graphs are some of examples among findings that can be explored in this application. More findings can be explored SIt e. . ebsite o eb-based Healt ata Mapping lools
by selecting each 23 different cancer types and different 96 socioeconomic and demographic variables on the top of the interface. http://vision.sdsu.edu/health/




	Slide Number 1

